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Abstract - The rapid adoption of multi-cloud strategies and enterprise resource planning (ERP) platforms has significantly 

transformed digital enterprise ecosystems. Organizations increasingly rely on application programming interfaces (APIs) to 

enable seamless integration across heterogeneous cloud infrastructures, third-party services, and internal enterprise 

applications. However, the exponential growth of API-driven interactions introduces substantial challenges related to security, 

scalability, performance optimization, governance, and real-time threat detection. Traditional API management approaches, 

largely rule-based and reactive, are insufficient to address the dynamic, distributed, and high-velocity nature of modern multi-

cloud ERP environments. This paper presents a comprehensive study on AI-enhanced secure API management frameworks 

tailored for multi-cloud ERP ecosystems. By leveraging artificial intelligence (AI) and machine learning (ML) techniques 

including anomaly detection, behavioral analytics, reinforcement learning, and predictive modeling—the proposed framework 

enables proactive security enforcement, adaptive traffic management, intelligent policy orchestration, and continuous 

compliance monitoring. The research integrates AI models with API gateways, identity and access management (IAM), and 

cloud-native security services to enhance resilience against evolving cyber threats such as API abuse, credential stuffing, 

distributed denial-of-service (DDoS) attacks, and data exfiltration. The methodology involves designing an AI-driven API 

security architecture, implementing it across simulated multi-cloud ERP environments, and evaluating performance using key 

metrics such as latency, threat detection accuracy, scalability, and fault tolerance. Experimental results demonstrate that AI-

enhanced API management significantly outperforms traditional approaches by reducing security incidents, improving system 

availability, and optimizing cross-cloud data flows. The findings establish AI-driven secure API management as a critical 

enabler for next-generation ERP integrations in multi-cloud environments. 

 

Keywords - Artificial Intelligence, Api Management, Multi-Cloud Computing, Erp Systems, Cloud Security, Machine Learning, 

Zero Trust Architecture, Enterprise Integration. 

 

1. Introduction 
1.1. Background  

Enterprise Resource Planning (ERP) systems are the 

backbone of the smart organisations today as they combine 

vital business processes of a business including finance, 

supply chain management, human resource, customer 

relationship management, manufacturing into a single digital 

repository. [1,2] Such close connection allows businesses to 

optimize business processes, enhance the quality and 

consistency of data, and facilitate the decision-making 

process. As cloud computing is rapidly becoming popular, 

organizations are deploying early more multiple clouds 

across ERP systems in order to acquire more flexibility, 

escape vendor lock-in, increase system resilience and reduce 

operational costs and address various regulatory and data 

residency expectations. Multi-cloud approaches to business 

have strong business benefits, yet raise architectural and 

management challenges to the business model of traditional 

ERP integrations and security. Applications Programming 

Interfaces (APIs) are now the core of allowing the smooth 

communication between different modules of ERP, cloud-

native micro services, heterogeneous cloud environments 

and external partners. APIs enable two-way messaging and 

facilitate agile business processes and are therefore critical to 

current ERP ecosystems. The increasing use of the APIs has, 

however, greatly widened the enterprise attack surface. The 

availability of every exposed API endpoint is a possible 

point of permission to attackers, which heightens the 

probability of unauthorized access, data leakage, and 

interruption of services. The reports provided by the industry 

show a steep increase in API-related security breaches and 

most of them are due to misconfigurations, weak or broken 

authentication processes, undue data disclosure and lacking 

visibility of the runtime API operations. Such difficulties are 

also added to the issues existing in the multi-cloud ERP 

deployments where inadequate security control and 

fragmented monitoring tools complicate the achievement of 

a single security posture. The traditional rule-based API 

security control mechanisms fail to handle the dynamism in 

the traffic and changing attack strategies. Such an increase in 

operational complexity versus the security capability drives 

the need to develop intelligent adaptive solutions. 

Consequently, the growing popularity is the desire to use 

artificial intelligence as a means to improve API 

management to allow proactive detection of threats, 

contextual risk management, and apply automated security 

measures to the peculiarities of the multi-cloud ERP 

environments. 
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1.2. Role of Artificial Intelligence in API Security 

 
Figure 1. Role of Artificial Intelligence in API Security 

 

1.2.1. Limitations of Traditional API Security Approaches 

The API security mechanisms used in the past are 

mostly based on static rules, predefined thresholds, and 

signature process of detection. [3,4] On the one hand, they 

are useful in the presence of known threats; nevertheless, 

complete offensive attacks, zero vulnerabilities, and 

abnormal usage profiles that change over time are the threat 

parameters that prove to be challenging to identify. With 

dynamic ERP environments spread to multiple clouds, API 

traffic is extremely dynamic and therefore classic security 

controls are inadequate and highly likely to give high rate of 

false positive. 

 

1.2.2. AI-Driven Threat Detection and Anomaly 

Identification 

Artificial Intelligence has brought about a behavior-

driven system to API security through the analysis of API 

traffic data volumes in real-time. Machine learning models 

are trained on tolerable API usage patterns including user, 

service and ERP processes and anomalies detected can point 

to malicious activity. This feature is especially useful in 

identifying zero-day attacks, insider attack, and automated 

abuse that is not similar to known electronic attack 

signatures. 

 

1.2.3. Adaptive and Context-Aware Security Enforcement 

The dynamic nature of adaptive security policies is 

supported by AI, which adapts differently to risks during a 

given time depending on risk assessment as opposed to the 

same rule all the time. The AI-based systems can implement 

a proportional security response by introducing contextual 

factors like user roles, entities that the transaction is sensitive 

to, the location where the access should occur, and past 

behaviors. As an example, low-risk requests can be passed 

with little or no inspection whereas high-risk requests can 

provoke extra authentication or direct block which enhances 

operational efficiency and security. 

 

1.2.4. Automation and Intelligent Response 

AI increases the security of APIs by processing car 

repairs on an automatic scale due to their integration with 

security technology and automotive automation solution 

providers. When a threat is identified, AI-based systems can 

automatically partially block traffic, strip a token, or route it 

without any human intervention. This speed of fiber delivers 

a great benefit with shorter impact of the attack and 

resilience of the system. 

 

1.2.5. Continuous Learning and Evolution 

When compared to the non intelligent security systems, 

AI-powered API security systems keep learning new 

information about new data and new attack patterns. This 

continuous learning process provides security controls to 

keep up with the evolving ERP workloads, integration 

patterns and threat landscapes. Consequently, AI is very 

important in developing resilient, scalable, and future proof 

API security environments in present-day and multi-cloud 

ERP ecosystems. 

 

1.3. Challenges in Multi-Cloud ERP API Management 

The administration of APIs in multi-cloud ERP 

ecosystems is associated with various intricate issues, which 

may greatly affect the security, performance, and 

compliance. [5,6] The heterogeneity of cloud platforms is 

one of the top challenges. Various vendors do not provide 

the same security mechanisms, identity management 

frameworks, and networking solutions thus, inconsistency in 

the ensuing policies, do exist across the ERP world. This 

non-coherence makes it difficult to adopt a single API 

security and access control and exposes it to 

misconfigurations and consequently vulnerabilities. It would 

take advanced coordination and monitoring to ensure that 

security policies are regularly interpreted in AWS, Azure, 

and Google Cloud, and other environments. The large traffic 

of API in terms of frequency and real-time also presents 

another significant challenge. Recent ERP systems make 

large volumes and variety of API calls through various 

services and modules, where sensitive financial, operational, 

and customer data is usually processed. This real time 

monitoring, analysis and securing of this traffic are not easy 

and more so when APIs are in geographically distributed 

cloud environments. There is also low visibility to the 

behavior of APIs, which worsens the problem. 

Conventionally used monitoring tools could draw only 

partial information to an organization and it is not very easy 

to identify anomalies, uncharacteristic usage pattern or even 

possible attack until it has inflicted harm. Such dynamic 

environments cannot also be managed by use of static and 

rule based security controls. Established thresholds and 

predetermined policies may be used to deal with known 

threats, but they cannot be able to adjust to the newly arising 

attack vectors or advanced invasions or even zero-day 

attacks. Consequently, the ERP APIs can be exploited with 

ease especially in multi-clouds configurations where traffic 

pattern and loads vary regularly. Besides, organizations 

should juggle through sophisticated compliance and 

regulation within regions and industries such as laws to 

protect personal data, audit, and industry-related regulations. 

This requirement along with the need to ensure API 

operations are compliant with catering to system 

performance and security becomes another complex issue. 

The existence of such challenges explain the acute necessity 

of smart, dynamic, and context-driven API management 

tools. Through AI-powered security, organizations will be 

able to attain the dynamic nature of threat detection, 
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adherence to policies, and operational stability and thus meet 

the specific needs of a multi-cloud ERP ecosystems. 

 

2. Literature Survey 
2.1. API Management within the ERP Systems 

Initial versions of ERP system integration were largely 

monolithic in nature and point to point tight interfaces, 

restricting scalability and flexibility. [7,8] When service-

oriented architectures (SOA) and, even more recently, 

microservices-based designs became the norm in 

organizations, APIs became the new favored solution to 

facilitating the interoperability between ERP modules and 

other applications. The literature highlights that API 

management platforms and gateways are important in 

managing critical operations including request routing, 

authentication, authorization, traffic throttling and 

monitoring of its performance. These gateways will serve as 

a centralized control point that virtualizes said backend ERP 

services with the guarantee of policy consistency. Research 

also indicates the effectiveness of API management to 

enhance maintainability, versioning, and enabling the 

integration of third-party services seamlessly, where APIs 

have become a central part of the current ERP ecosystems. 

 

2.2. Multi-Cloud Integration Architectures 

The use of multi-cloud integration has become popular 

as the enterprises are aiming to prevent vendor lock-in and 

enhance resilience and use the best-of-breed services offered 

by several cloud providers. Nevertheless, it is always 

observed in the literature that the process of allocating ERP 

workloads across heterogeneous cloud infrastructure poses 

serious integration problems. A cloud-native services 

difference, data, network settings, and an identity-

management mechanism make the seamless communication 

between ERP elements challenging. Studies draw attention to 

the problem of latency during cross-cloud data transfer and 

interoperability during the integration of APIs with different 

platforms. The aspect of governance and compliance also 

adds to the complexity, since an organization needs to 

implement the same policies, monitoring, and data protection 

requirements in the multiple clouds and support the 

performance and reliability of ERP. 

 

2.3. Security Challenges in API-Driven Systems 

The exposures by API-driven architectures open up the 

ERP systems to the vast amount of security threats as these 

architectures are exposed. The common vulnerabilities found 

in existing literature include broken authentication and 

authorization, too much data exposure, unprotective 

endpoint, and insufficient rate limiting. Credential stuffing, 

API abuse, and denial-of-service attacks are some of the 

ways one can abuse such weaknesses. The conventional 

security methods called on the placement of rules and set 

thresholds that are not dynamically updated to showcase 

advanced or new attack patterns. It has been shown in the 

literature that these fixed mechanisms are difficult to 

accommodate dynamic workload and user behaviors 

common in an ERP setting, exposing key business data and 

processes to peril. 

 

2.4. Artificial Intelligence in Cloud Security 

The use of artificial intelligence and machine learning 

has been widely discussed as the means of increasing the 

security of the cloud since they could analyze voluminous 

data and discover sophisticated trends. As argued in the 

research, AI-based models have been successfully used in 

intrusion detection systems, anomaly detection, fraud 

prevention, and network traffic analysis. [9,10] Deep 

learning methods, specifically, have demonstrated significant 

accuracy in identifying minor abnormalities in usual 

behavior which can lead to suspect malicious behavior. 

Research stresses that AI-based responses are capable of 

creating adaptive and proactive security systems, as they can 

constantly acquire new knowledge based on new data. These 

are particularly useful in cloud-based settings where 

dynamism and large scale, distributed systems need to be 

managed. 

 

2.5. Research Gaps 

Even though considerable advances in API management, 

multi-cloud integration, and AI-based security have been 

achieved, inflated gaps are detected at the intersection point 

of the literature. In particular, it is possible to note that little 

research has been devoted to AI-based API security solutions 

that are specifically available in multi-cloud ERP 

environments. Current methods tend to consider APIs mostly 

independently, and without business-specific concepts of 

APIs that include transaction criticality, user role, or process 

dependencies. Furthermore, not all solutions are based on 

adaptive intelligence which can be adjusted to evolve with 

the changing attack strategy and multi-clouds. This 

discontinuity shows why context-aware AI-enabled security 

systems are required to dynamically secure APIs, as well as 

to deal with the distinct operational and integration 

complexities of ERP systems running on two or more clouds. 

 

3. Methodology 
3.1. Proposed AI-Enhanced API Management Architecture 

 
Figure 2. Proposed Ai-Enhanced Api Management 

Architecture 

 

3.1.1. AI-enabled API Gateway 

The API gateway with AI functionality is used as the 

main entry point that receives all API requests to the ERP 

system. [11,12] Besides the classic gateway behaviors, 

including routing requests, enforcing authentication, and 
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limiting rate, the gateway will have AI features that will 

study traffic patterns on the fly. Through behavioral 

analytics, it will be able to dynamically change throttling 

policies, identify suspected behavior and block suspicious 

traffic in advance before it can even find its way to the back-

end ERP services. This smart wireless gateway improves the 

level of performance and security by providing adaptable 

decision-making on the basis of constantly-learned usage 

patterns. 

 

3.1.2. Cloud-agnostic Identity and Access Management 

The cloud-agnostic Identity and Access Management 

(IAM) element will guarantee similar authentication and 

authorization across various cloud environments. It focuses 

on centralized identity policy, configures federated identities 

and imposes role based and attribute based identity control 

based on ERP users and services. This IAM layer ensures a 

smooth integration between any multi-cloud environment 

because of its independence to any single cloud provider; it 

is also able to comply and govern. It further provides 

contextual identity information to the AI components to 

make more precise risk assessment and access decisions. 

 

3.1.3. Machine Learning Engine 

The analytical core of the proposed architecture is 

represented by the machine learning engine. It takes 

historical and real-time API traffic data and develops 

behavioral models of normal ERP usage. The engine detects 

deviations in the engine through the application of tools like 

anomaly detection and classification which can denote the 

security threats, security misuse or bottlenecks in the engine. 

The models are self learning, constantly adapting as behavior 

of the system changes and this facilitates proactive 

identification of new attack trends and minimizes the use of 

fixed rule based security systems. 

 

3.1.4. Security Orchestration and Automation Module 

Security orchestration and automation module gives co-

ordinated execution to threats identified by the machine 

learning engine and the API gateway. It automatically takes 

incident response measures, including block malicious IP 

addresses, withdraw credentials, or initiating another 

authentication prompt. This module eliminates human 

intervention and response time because it builds on and 

examines the existing security tools and processes. 

Orchestration is automated to provide uniform 

implementation of security policies to a multi-cloud ERP 

environment. 

 

3.1.5. ERP Integration Layer 

The ERP integration layer gives standardized interfaces 

among API management framework and underlying ERP 

modules. It simplifies the intricacy of ERP-specific 

protocols, data models, and enterprise processes and allows 

safe and effective communication via APIs. API comprises 

also with ERP context interaction layer including the 

transaction type and business criticalities, which can be used 

by an AI model to make more informed security decisions. 

Consequently, the integration layer makes sure the security 

and performance controls are quite close to the operational 

needs of ERP. 

 

3.2. Machine Learning Models 

 
Figure 3.  Machine Learning Models 

 

3.2.1. Unsupervised Learning 

Unsupervised learning methods are involved to 

determine the hidden traffic characteristics and patterns as 

well as anomalies in API traffic without employing a labeled 

dataset. Models, including clustering and autoencoders, tried 

in the suggested framework, [13,14] acquire knowledge on 

the regular occurrence of ERP-related API trafficking, 

attachment sizableness, request frequency, and genre of 

accessibility. Any drastic departure out of these acquired 

actions is reported as possibly malicious or abnormal. This 

technique is especially useful in scenarios that use multi-

cloud ERP which periodically introduces new services and 

usage patterns and labeled attack recurrent data might be 

restricted. 

 

3.2.2. Supervised Learning 

The API requests are categorized into attack patterns 

and legitimate usage cases and categorized using supervised 

learning models with known attack patterns. Based on 

labeled datasets that contain examples of malicious and 

benign traffic, algorithms like decision trees, support vectors 

machines, or neural networks can be trained to identify 

certain malicious activity like injection attack, credentials 

abuse, and data exfiltration effort. Supervised models are 

used to complement unsupervised methods in relation to 

known vulnerabilities and attack signatures to achieve high 

the level of accuracy in detection in the proposed 

architecture. 

 

3.2.3. Reinforcement Learning 

Dynamically, reinforcement learning is used to optimize 

policies in the API gateway in terms of security and traffic 

management. Under this strategy, an agent is informed of the 

best possible actions, e.g. changing rate limits, issuing more 

authentication, or rejecting requests, depending upon the 

feedback of the surrounding environment. rewards obtained 

on different actions which improve security and stability of 

the system, penalties on false positives or deterioration of 

service. Reinforcement learning allows the system to change 

its defense mechanisms in response to new threats and to 

changing workloads within the ERP, thus softening the 
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security framework and becoming less and less reliant on the 

human operators of this system. 

 

3.3. Data Collection and Feature Engineering 

Feature engineering and collection of the data is an 

essential determinant in facilitating efficient AI-assisted 

security in the proposed API administration framework. [15-

18] The system assumes the gathering of deep API telemetry 

information across various strata, such as the API gateway, 

identity and access management services, as well as the ERP 

backend systems. The detailed attributes that this telemetry 

will capture include frequency of requests, size of requests 

and responses, authentication and authorization patterns, 

geographic origin of request, device or client metadata and 

response codes of an HTTP. The combination of these data 

points will give a big picture of the accessibility and use of 

APIs within the multi-cloud ERP setup. The raw telemetry is 

then used to create meaningful inputs to machine learning 

models in feature engineering. Time-related effects like 

request rate per user, per API endpoint, and per time window 

are calculated to tell about the abnormal peaks of usage or 

denial-of-service attempts. Payload-based capabilities such 

as the average, variance and unexpected changes in a schema 

are useful in identifying the exfiltration or injection attacks. 

Authentication features including repeated failed logins, 

token reuse frequency and unexpected role access, will give 

the information about a possible credential compromise or 

escalation of privileges. Network location features and 

geographic features, such as abrupt location or access to 

high-risk areas, also add to the ability to detect an anomaly. 

In order to enhance the accuracy of the model, the 

framework uses normalization, aggregation, and 

dimensionality reducing features to deal with high-velocity, 

large-scale data stream characteristic of the ERP systems. 

ERP contextual features with embedded particulars, e.g. 

transaction type, business process criticality, user role, allow 

making more informed security selections and minimizing 

false positives. The proposed framework will allow mixing 

in-depth data gathering with well-thought features to make 

machine learning models able to effectively discern between 

safe ERP activity and malicious or abnormal API activity, 

thus enhancing security without impacting the system 

operations, as well as its functionality. 

 

3.4. Security Policy Optimization 

The framework is applied in a controlled, simulated 

multi-cloud infrastructure, which models the real-life 

enterprise ERP implementations. This arrangement is on 

three large cloud platforms, which include Amazon Web 

Services (AWS), Microsoft Azure, and Google Cloud 

Platform (GCP) to test how the framework is effective in 

non-homogeneous and distributed circumstances. ERP-

related services within each cloud-based environment are 

implemented as containerized microservices and ensure 

consistent application behavior, taking into consideration the 

variability of cloud-native networking, security and identity 

services. Containerization also makes it portable and adds 

ease to the process of deployment, scaling and orchestration 

between various cloud providers. The indicators employed in 

this risk assessment comprise indication of frequency of 

request, anomaly in the size of the payload, failure to 

authenticate at an unusual rate, geographic anomaly as well 

as unusual pattern of responding. All the features bring about 

a disparate risk to the environment based on the historical 

data and the trends towards threats. Indicatively, a recurring 

failed authentication can be allocated a heavier weight when 

credential-based attacks are on an upswing, whereas an 

abrupt alteration in payload size can be given a heavier focus 

when data exfiltration threats are observed. The system is 

dynamic enough to adapt to new and emerging styles of 

attack by training and revising these weights. After 

calculating risk score it has been compared to adaptive 

thresholds defining the security response to be taken. The 

requests with low-risk are passed without further 

investigation to preserve the performance, whereas requests 

with medium-risk can receive extra effort like the step-up 

authentication or lowering the rate limit. Risky requests may 

be automatically blocked, alerted, or automatically handled 

by responding to the incident. This dynamic optimization can 

be used in that the security controls will be proportional to 

the risk evaluated and this will limit the false positives and 

cause minimum harm to legitimate ERP activities. On the 

whole, this AI-based optimization of security policy allows 

reaching a tradeoff between security and efficiency. The 

framework will have a robust and intelligent defense system 

by constantly optimizing the weights of features and decision 

boundaries to the evolving nature of API-driven, multi-cloud 

ERP environments. 

 

3.5. Implementation Environment 

The presented framework is tested in a simulated multi-

cloud setup that is controlled and is reflective of the real-life 

ERP deployments of enterprises. [19,20] The configuration 

is across three of the leading cloud services platform 

organizations, Amazon Web Services (AWS), Microsoft 

Azure, and Google Cloud Platform (GCP) to determine the 

efficacy of the framework in non-homogeneous and 

dispersed scenarios. ERP-related services migrated to and 

deployed in the cloud environment are services in 

containerized microservices, making the application behave 

consistently but consider variations in cloud-native 

networking, security, and identity services. Containerization 

provides mobility and eases the deployment, scaling, and 

coordination among various cloud providers. Container 

orchestration platforms manage the microservices enabling 

them to scale dynamically and discover services as well as 

offer fault tolerance and high availability. Each cloud 

environment has an AI-enabled API gateway deployed on 

the edge, to control incoming API traffic and to apply 

security policies in this location. Such gateways are more 

intertwined with the stability of secure communication 

channels and linked to a centralized, cloud-agnostic identity 

and access management layer in order to create a common 

authentication and authorization of all platforms. This 

deployment is similar to enterprise ERP cases in which 

various modules or services can be hosted in other clouds. 

Telemetry data of all the cloud environments are summarized 

into one analytics pipeline in order to facilitate machine 

learning activities. This information contains API logs, 

security events and performance measurements, that are 
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handled and stored to be used in inference in real-time as 

well as offline model training. The implementation also 

incorporates the security orchestration and automation 

providers that can implement response actions across the 

clouds, including updating gateway policies or terminating 

access tokens. Providing an opportunity to conduct a 

complete test of the scaling, interoperability, and security 

efficiency, this implementation environment makes it 

possible to study the validity of the proposed AI-enhanced 

API management framework in terms of its practical 

viability. 

4. Results and Discussion 
4.1. Performance Comparison  

Table 1. Performance Comparison 

Metric 
Traditional API 

Mgmt 

AI-Enhanced 

API Mgmt 

Threat Detection 

Accuracy 
72% 94% 

False Positive Rate 18% 6% 

Average Latency 

Efficiency 
100% 88.6% 

Scalability 60% 90% 

 

 
Figure 4. Graph Representing Performance Comparison 

  

4.1.1. Threat Detection Accuracy 

The threat detection accuracy is the ratio of the 

observation of the malicious API behaviour by the system. 

The detection accuracy of traditional API management 

solutions is 72 and is mostly based on fixed rules and 

predefined sign signatures. Conversely, the AI-infused API 

management model achieves 94 percent of accuracy based 

on the machine learning algorithms that cover the behavioral 

patterns and adjust to changing risks. This major advance 

illustrates how AI is useful in detecting known and hitherto 

undetected attack vectors in multi-cloud ERP settings, which 

are complex. 

 

4.1.2. False Positive Rate 

The false positive is used to measure the amount of legal 

API requests that are being falsely put as malicious. The 

false positive rate of traditional API management systems is 

rather high (18 per cent), which may result in blocking 

unnecessarily of requests and failures in the operation 

process. The AI-accentuated one cuts this percentage to 6 

percent, by introducing contextual awareness and continually 

learning using historical data on the traffic. Reduced false 

positive enhances the ease of use of the system and 

guarantees smooth running of legitimate ERP transactions 

without much hindrance as well as high security measures. 

 

 

4.1.3. Average Latency Efficiency 

The average latency efficiency gives the effect of 

security on the API response time. The conventional API 

management is considered the control group where the 

latency efficiency reaches 100, whereas the system with 

implemented AI counts 88.6%. The AI-based method also 

adds more overhead to processing since real-time processing 

is involved, however, the overhead is reduced by intelligent 

optimization and adaptive decisions made by AI, which 

means that performance will not be degraded. The efficiency 

fiscal cost savings are balanced by increased security and 

better threat detection and the trade-off is acceptable in the 

case of enterprise ERP applications. 

 

4.1.4. Scalability 

Scalability checks the ability of the system to 

accommodate growing API traffic and growing ERP 

workloads. Conventional API management solutions indicate 

moderate scalability of 60 percent, usually limited to fixed 

configurations and configurations requiring manual trial and 

error. The AI augmented framework has a high scalability of 

90 percent due to adaptive security policy and resource 

allocation based on the traffic patterns. The high scalability 

makes sure that there is uniform performance and protection 

because ERP systems expand and incorporate more services 

of various kinds across different cloud platforms. 
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4.2. Security Effectiveness 

The AI-enhanced API management system was shown 

to be much more effective than the traditional ones in its 

security capability, especially when it comes to the detection 

of zero-day attacks and malicious patterns of API use. The 

major vulnerability of traditional security systems is zero-

day attack, since they utilize vulnerabilities that they have 

not been aware of before and hence they have no pre-defined 

signature or rules. Conventional API control tools that are 

normally based on a rigid set of policies and familiar patterns 

of attacks are not usually successful in detecting such threats 

on time. Contrarily, the new AI-based system is aimed at 

analyzing the behavior, and thus, it is able to understand the 

abnormal usage of API even in cases when the attack 

methodology has not been known previously. With constant 

learning of fundamental patterns of behaviour of the ERP-

related API interactions, the framework can detect minor 

anomalies including irregular pattern of requests, unusual 

format of payloads, EDitative access time abnormality, or 

abrupt frequency variations of usage. These metrics are 

usually precursors of zero-day attack or insider abuse. The 

combination of unsupervised learning model and supervised 

learning model enables the system to identify both unknown 

threats and known threats at significant accuracy. Besides, 

contextual awareness based on operation-specific ERP data, 

including user roles and transaction sensitivity, adds to the 

system capacity to differentiate between legitimate system 

operation changes and maliciousness. The automation and 

security elements are also effective reinforcement aspects 

since they allow quick and uniform reaction to identified 

threats. After abnormal behavior has been detected, the 

system may automatically respond by taking measures like 

limiting adaptive rate, adding extra authentication layers or 

blocking suspicious API calls immediately. Quick reaction 

decreases the possible effects of attacks and decreases the 

use of manual interventions. In general, the findings 

demonstrate that the AI-enhanced framework is a proactive 

and resistant security posture which handles the dynamic and 

dynamic threat scenario of a multi-cloud ERP environment 

based on API. 

 

4.3. Scalability and Fault Tolerance 

The artificial intelligence-based system was much more 

scalable and fault-tolerant as it leveraged the intelligent 

utilization of traffic allocation across a variety of clouds. 

Traditional deployment of ERP systems typically use either a 

static load balancing configuration or a guideline-based load 

balancing technique, causing such a configuration to be less 

responsive than desired against sudden bursts in traffic, 

uneven resource use or partial failures. The suggested AI-

enhanced model addresses these weaknesses by constantly 

examining real-time API traffic, performance indicators of 

the system, and availability of resources based on AWS, 

Azure, and Google Cloud settings. On the basis of this 

analysis, based on the analysis, the framework dynamically 

coordinates load-balancing decisions in order to maintain 

optimal consumption of resources. Machine learning 

technologies make predictive traffic management possible, 

since it can recognize trends of usage and predicted peak 

loads before instances of performance degradation. This 

causes API calls to be actively redirected to lower latency, 

more available, or more processing capacity cloud instances. 

This intelligent routing enhances overall performance of the 

ERP system and provides scalability in performance even 

when the demand levels increase. Moreover, the framework 

takes into consideration the ERP-specific priorities where the 

critical business transactions can be directed by the most 

stable and with the best performance paths when there were 

high load. The last feature that enhances fault tolerance is the 

AI-based identification of degradation or faults to a service. 

In case toxins, including a spike in response time, rate of 

errors, or lack of availability of one of the nodes, the system 

identifies the problem and diverts traffic on the compromised 

parts to well-functioning alternatives on the other cloud 

systems. This fast recovery system reduces downtime and 

avoids bugs spreading effects through the applications of the 

ERP system. Automated orchestration makes sure that 

recovery actions are implemented without a human 

involvement, which decreases the mean time to recovery. 

Altogether, the AI-based load balancing and fault tolerance 

systems provide a high level of availability and resilience of 

the ERP system. The framework enables scalability and 

steady operation to workflow through the complex ERP 

systems with multi-clouds since it dynamically adjusts to 

changing workloads and infrastructure conditions. 

 

4.4. Discussion 

The hypothesis that multi-cloud ERP ecosystem AI-

enhanced API management can greatly enhance security and 

operational performance is strongly confirmed by the 

outcomes of the experiment. The proposed framework 

proves to have definite benefits over conventional API 

management strategies in terms of accuracy of threat 

detection, false positives reduction, scalability, as well as 

system resilience. These enhancements illustrate the inability 

of the static and rule-based mechanism to work well in 

highly dynamic and distributed ERP environments, where 

traffic patterns, user trait, and threat vectors are continually 

changing. Security-wise the whole concept of integrating 

machine learning models would allow the system to shift 

towards the behavior-driven analysis instead of using 

signature-based detection. This will be especially useful in 

the detection of zero-day attacks, and more advanced misuse 

cases which are not characterized by pre-existing patterns. 

This decrease of the role of false positives reveals further 

that AI-based decision-making can be more effective in 

differentiating between legitimate and malicious business 

operations when the AI-based decisions are enriched with the 

contextual information about ERP. This enhances security as 

well as eliminates unwarranted disturbance to essential ERP 

functions. AI-based automation and optimization also make 

the operations of the companies highly efficient. Dynamic 

adjustment of policy, smart load balancing, auto incident 

response, less manual configuration and intervention enable 

the system to change dynamically in response to varying 

workload and infrastructure conditions. The detected gains in 

the latency and scalability prove that improved security is 

not always required at the expense of the performance. The 

framework instead uses a balance trade-off and imposes 

security controls as a proportionate of risk assessed. All in 
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all, the discussion indicates the practical importance of the 

AI integration into API management as related to multi-

cloud ERP settings. The findings indicate that this strategy 

offers a stronger, dynamic, and effective base of handling the 

complex enterprise systems that can meet the needs of both 

the present operational requirements and the future scaling 

needs. 

 

5. Conclusion and Future Work 
In this paper, the author demonstrated an AI-enhanced, 

secure API management framework, which is, above all, 

unique in the context of multi-cloud ERP environments 

because it can mitigate security, scalability, and operational 

issues linked to the environment. But due to the growing 

utilization of API-based ERP systems and their distribution 

across the variety of cloud systems, former-style API 

management and security controls are not very effective in 

offering sufficient protection and efficiency. The proposed 

framework, which combines the latest machine learning 

approaches with API gateways, identity management, and 

security orchestration services using cloud-agnostic will 

allow identifying threats, enforcing security measures, and 

optimizing system activity. The experimental analysis has 

proven the existence of considerable improvements in 

accuracy of threat detection, falsy positive reduction, scaling, 

fault tolerance, and the general availability of the system as 

well, which proves that the evolution of AI-based solutions 

in challenging enterprise conditions is effective. 

 

The findings emphasize the fact that AI-observable API 

management is not only a slight variation of traditional 

solutions, but a paradigm shift of intelligent and self-

adaptive security architectures. The framework can react 

dynamically to changing workload conditions and emerging 

threats by constantly learning by API telemetry, and by the 

specifics of contextual ERP data. This dynamic intelligence 

ensures that dependence on fixed policies are minimised, 

there is limited human intervention and the security controls 

are kept in pace with the business priorities. In addition to 

that, automated orchestration mechanisms combined will 

guarantee quick and uniform response to discovered 

abnormalities, increasing resilience and lessening the 

operational load on the security groups. 

 

In spite of these contributions, there are some bright 

directions of the future research. The integration of the 

predictive security analytics tools based on the generative AI 

techniques is one of them. Simulations To simulate possible 

attack scenarios and predict emerging threat patterns and 

proactively suggest defensive measures before vulnerabilities 

are actively used, generative models could be employed. One 

other line of attack is the blockchain technology that will 

enable the creation of audit trails in APIs that are immutable 

and cannot be altered by hackers. This would maximize on 

transparency, accountability and trust, especially on 

controlled ERP settings where high adherence and 

traceability is mandatory. 

 

In the future, the use of Explainable AI (XAI) 

techniques to enhance model transparency and compliance 

and governance demands will be discussed. Since decisions 

based on AI motivation gain more and more access, and 

security enforcement capabilities, explainability becomes 

necessary to audit, satisfy regulations, and even maintain 

stakeholder confidence. Altogether, AI-enabled API 

management is a fundamental feature of safe, exaggerated, 

and intelligent ERP integrations, which places the offerings 

of the new generation enterprise architecture at the center of 

meeting the needs of the changing digital ecosystems. 

 

References 
[1] Kanagasabapathi, K., Mahajan, K., Ahamad, S., 

Soumya, E., & Barthwal, S. (2023, December). AI-

enhanced multi-cloud security management: Ensuring 

robust cybersecurity in hybrid cloud environments. In 

2023 International Conference on Innovative 

Computing, Intelligent Communication and Smart 

Electrical Systems (ICSES) (pp. 1-6). IEEE. 

[2] Hussain, F., Noye, B., & Sharieh, S. (2022). Current 

state of API security and machine learning. IEEE 

Technology Policy and Ethics, 4(2), 1-5. 

[3] Raj, P., & Raman, A. (2018). Multi-cloud management: 

Technologies, tools, and techniques. In Software-

defined cloud centers: Operational and management 

technologies and tools (pp. 219-240). Cham: Springer 

International Publishing. 

[4] Abd Elmonem, M. A., Nasr, E. S., & Geith, M. H. 

(2016). Benefits and challenges of cloud ERP systems–

A systematic literature review. Future Computing and 

Informatics Journal, 1(1-2), 1-9. 

[5] Alzoubi, Y. I., Mishra, A., & Topcu, A. E. (2024). 

Research trends in deep learning and machine learning 

for cloud computing security. Artificial intelligence 

review, 57(5), 132. 

[6] Vashishth, T. K., Sharma, V., Sharma, K. K., Kumar, B., 

Chaudhary, S., & Panwar, R. (2024). Enhancing cloud 

security: The role of artificial intelligence and machine 

learning. In Improving security, privacy, and trust in 

cloud computing (pp. 85-112). IGI Global Scientific 

Publishing. 

[7] Papazoglou, M. P., & Van Den Heuvel, W. J. (2007). 

Service oriented architectures: approaches, technologies 

and research issues. The VLDB journal, 16(3), 389-415. 

[8] Pautasso, C., Zimmermann, O., Amundsen, M., Lewis, 

J., & Josuttis, N. (2017). Microservices in practice, part 

1: Reality check and service design. IEEE software, 

34(01), 91-98. 

[9] Ghazawneh, A., & Henfridsson, O. (2013). Balancing 

platform control and external contribution in third‐party 

development: the boundary resources model. 

Information systems journal, 23(2), 173-192. 

[10] Bass, L., Weber, I., & Zhu, L. (2015). DevOps: A 

software architect's perspective. Addison-Wesley 

Professional. 

[11] Pahl, C. (2015). Containerization and the paas cloud. 

IEEE Cloud Computing, 2(3), 24-31. 

[12] Petcu, D. (2013, April). Multi-cloud: expectations and 

current approaches. In Proceedings of the 2013 

international workshop on Multi-cloud applications and 

federated clouds (pp. 1-6). 



Jayant Bhat & Yashovardhan Jayaram / IJETCSIT, 6(3), 94-103, 2025 

102 

[13] Buczak, A. L., & Guven, E. (2015). A survey of data 

mining and machine learning methods for cyber security 

intrusion detection. IEEE Communications surveys & 

tutorials, 18(2), 1153-1176. 

[14] Kim, G., Lee, S., & Kim, S. (2014). A novel hybrid 

intrusion detection method integrating anomaly 

detection with misuse detection. Expert Systems with 

Applications, 41(4), 1690-1700. 

[15] Shone, N., Ngoc, T. N., Phai, V. D., & Shi, Q. (2018). A 

deep learning approach to network intrusion detection. 

IEEE transactions on emerging topics in computational 

intelligence, 2(1), 41-50. 

[16] Hwang, R. H., Peng, M. C., Huang, C. W., Lin, P. C., & 

Nguyen, V. L. (2020). An unsupervised deep learning 

model for early network traffic anomaly detection. IEEE 

Access, 8, 30387-30399. 

[17] Fan, C. I., Hsiao, H. W., Chou, C. H., & Tseng, Y. F. 

(2015, July). Malware detection systems based on API 

log data mining. In 2015 IEEE 39th annual computer 

software and applications conference (Vol. 3, pp. 255-

260). IEEE. 

[18] Jangam, S. K., Karri, N., & Muntala, P. S. R. P. (2022). 

Advanced API Security Techniques and Service 

Management. International Journal of Emerging 

Research in Engineering and Technology, 3(4), 63-74. 

[19] Vennala, B. L., Suresh, D., Samiya, P., Suresh, M., & 

Vamsi, B. (2025, March). Integrating Artificial 

Intelligence with Cloud Platforms to Optimize 

Performance, Scalability, and Reliability in Distributed 

Computing Systems. In 2025 International Conference 

on Data Science, Agents & Artificial Intelligence 

(ICDSAAI) (pp. 1-6). IEEE. 

[20] Sharma, S., Kumar, N., Dash, Y., Dubey, A., & Devi, K. 

(2024, September). Intelligent multi-cloud orchestration 

for AI workloads: enhancing performance and 

reliability. In 2024 7th International Conference on 

Contemporary Computing and Informatics (IC3I) (Vol. 

7, pp. 1421-1426). IEEE. 

[21] Nangi, P. R., & Reddy Nala Obannagari, C. K. (2024). 

High-Performance Distributed Database Partitioning 

Using Machine Learning-Driven Workload Forecasting 

and Query Optimization. American International Journal 

of Computer Science and Technology, 6(2), 11-21. 

https://doi.org/10.63282/3117-5481/AIJCST-V6I2P102 

[22] Sundar, D., & Jayaram, Y. (2022). Composable Digital 

Experience: Unifying ECM, WCM, and DXP through 

Headless Architecture. International Journal of 

Emerging Research in Engineering and Technology, 

3(1), 127-135. https://doi.org/10.63282/3050-

922X.IJERET-V3I1P113 

[23] Jayaram, Y. (2024). Private LLMs for Higher 

Education: Secure GenAI for Academic & 

Administrative Content. American International Journal 

of Computer Science and Technology, 6(4), 28-38. 

https://doi.org/10.63282/3117-5481/AIJCST-V6I4P103 

[24] Sundar, D. (2023). Machine Learning Frameworks for 

Media Consumption Intelligence across OTT and 

Television Ecosystems. International Journal of 

Artificial Intelligence, Data Science, and Machine 

Learning, 4(2), 124-134. https://doi.org/10.63282/3050-

9262.IJAIDSML-V4I2P114 

[25] Nangi, P. R., Reddy Nala Obannagari, C. K., & Settipi, 

S. (2024). A Federated Zero-Trust Security Framework 

for Multi-Cloud Environments Using Predictive 

Analytics and AI-Driven Access Control Models. 

International Journal of Emerging Research in 

Engineering and Technology, 5(2), 95-107. 

https://doi.org/10.63282/3050-922X.IJERET-V5I2P110 

[26] Jayaram, Y., & Sundar, D. (2022). Enhanced Predictive 

Decision Models for Academia and Operations through 

Advanced Analytical Methodologies. International 

Journal of Artificial Intelligence, Data Science, and 

Machine Learning, 3(4), 113-122. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V3I4P113 

[27] Sundar, D. (2022). Architectural Advancements for 

AI/ML-Driven TV Audience Analytics and Intelligent 

Viewership Characterization. International Journal of 

Artificial Intelligence, Data Science, and Machine 

Learning, 3(1), 124-132. https://doi.org/10.63282/3050-

9262.IJAIDSML-V3I1P113 

[28] Nangi, P. R., Obannagari, C. K. R. N., & Settipi, S. 

(2022). Enhanced Serverless Micro-Reactivity Model 

for High-Velocity Event Streams within Scalable Cloud-

Native Architectures. International Journal of Emerging 

Research in Engineering and Technology, 3(3), 127-135. 

https://doi.org/10.63282/3050-922X.IJERET-V3I3P113 

[29] Jayaram, Y., Sundar, D., & Bhat, J. (2024). Generative 

AI Governance & Secure Content Automation in Higher 

Education. International Journal of Artificial 

Intelligence, Data Science, and Machine Learning, 5(4), 

163-174. https://doi.org/10.63282/3050-

9262.IJAIDSML-V5I4P116 

[30] Sundar, D., & Bhat, J. (2023). AI-Based Fraud 

Detection Employing Graph Structures and Advanced 

Anomaly Modeling Techniques. International Journal of 

Artificial Intelligence, Data Science, and Machine 

Learning, 4(3), 103-111. https://doi.org/10.63282/3050-

9262.IJAIDSML-V4I3P112 

[31] Nangi, P. R., Reddy Nala Obannagari, C. K., & Settipi, 

S. (2023). A Multi-Layered Zero-Trust Security 

Framework for Cloud-Native and Distributed Enterprise 

Systems Using AI-Driven Identity and Access 

Intelligence. International Journal of Emerging Trends 

in Computer Science and Information Technology, 4(3), 

144-153. https://doi.org/10.63282/3050-9246.IJETCSIT-

V4I3P115 

[32] Jayaram, Y. (2023). Cloud-First Content Modernization: 

Migrating Legacy ECM to Secure, Scalable Cloud 

Platforms. International Journal of Emerging Research 

in Engineering and Technology, 4(3), 130-139. 

https://doi.org/10.63282/3050-922X.IJERET-V4I3P114 

[33] Sundar, D. (2024). Streaming Analytics Architectures 

for Live TV Evaluation and Ad Performance 

Optimization. American International Journal of 

Computer Science and Technology, 6(5), 25-36. 

https://doi.org/10.63282/3117-5481/AIJCST-V6I5P103 

[34] Nangi, P. R., Obannagari, C. K. R. N., & Settipi, S. 

(2022). Predictive SQL Query Tuning Using Sequence 

https://doi.org/10.63282/3117-5481/AIJCST-V6I2P102
https://doi.org/10.63282/3050-922X.IJERET-V3I1P113
https://doi.org/10.63282/3050-922X.IJERET-V3I1P113
https://doi.org/10.63282/3117-5481/AIJCST-V6I4P103
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I2P114
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I2P114
https://doi.org/10.63282/3050-922X.IJERET-V5I2P110
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I4P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I4P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I1P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I1P113
https://doi.org/10.63282/3050-922X.IJERET-V3I3P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I4P116
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I4P116
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I3P112
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I3P112
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I3P115
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I3P115
https://doi.org/10.63282/3050-922X.IJERET-V4I3P114
https://doi.org/10.63282/3117-5481/AIJCST-V6I5P103


Jayant Bhat & Yashovardhan Jayaram / IJETCSIT, 6(3), 94-103, 2025 

103 

Modeling of Query Plans for Performance Optimization. 

International Journal of AI, BigData, Computational and 

Management Studies, 3(2), 104-113. 

https://doi.org/10.63282/3050-9416.IJAIBDCMS-

V3I2P111 

[35] Jayaram, Y., & Bhat, J. (2022). Intelligent Forms 

Automation for Higher Ed: Streamlining Student 

Onboarding and Administrative Workflows. 

International Journal of Emerging Trends in Computer 

Science and Information Technology, 3(4), 100-111. 

https://doi.org/10.63282/3050-9246.IJETCSIT-

V3I4P110 

[36] Sundar, D. (2023). Serverless Cloud Engineering 

Methodologies for Scalable and Efficient Data Pipeline 

Architectures. International Journal of Emerging Trends 

in Computer Science and Information Technology, 4(2), 

182-192. https://doi.org/10.63282/3050-9246.IJETCSIT-

V4I2P118 

[37] Jayaram, Y., Sundar, D., & Bhat, J. (2022). AI-Driven 

Content Intelligence in Higher Education: Transforming 

Institutional Knowledge Management. International 

Journal of Artificial Intelligence, Data Science, and 

Machine Learning, 3(2), 132-142. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V3I2P115 

[38] Nangi, P. R. (2022). Multi-Cloud Resource Stability 

Forecasting Using Temporal Fusion Transformers. 

International Journal of Artificial Intelligence, Data 

Science, and Machine Learning, 3(3), 123-135. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V3I3P113 

[39] Sundar, D., Jayaram, Y., & Bhat, J. (2024). Generative 

AI Frameworks for Digital Academic Advising and 

Intelligent Student Supporst Systems. International 

Journal of Artificial Intelligence, Data Science, and 

Machine Learning, 5(3), 128-138. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V5I3P114 

[40] Nangi, P. R., & Settipi, S. (2023). A Cloud-Native 

Serverless Architecture for Event-Driven, Low-Latency, 

and AI-Enabled Distributed Systems. International 

Journal of Emerging Research in Engineering and 

Technology, 4(4), 128-136. 

https://doi.org/10.63282/3050-922X.IJERET-V4I4P113 

[41] Jayaram, Y., & Sundar, D. (2023). AI-Powered Student 

Success Ecosystems: Integrating ECM, DXP, and 

Predictive Analytics. International Journal of Artificial 

Intelligence, Data Science, and Machine Learning, 4(1), 

109-119. https://doi.org/10.63282/3050-

9262.IJAIDSML-V4I1P113 

[42] Sundar, D., Jayaram, Y., & Bhat, J. (2022). A 

Comprehensive Cloud Data Lakehouse Adoption 

Strategy for Scalable Enterprise Analytics. International 

Journal of Emerging Research in Engineering and 

Technology, 3(4), 92-103. 

https://doi.org/10.63282/3050-922X.IJERET-V3I4P111 

[43] Nangi, P. R., & Reddy Nala Obannagari, C. K. (2024). 

A Multi-Layered Zero-Trust–Driven Cybersecurity 

Framework Integrating Deep Learning and Automated 

Compliance for Heterogeneous Enterprise Clouds. 

American International Journal of Computer Science 

and Technology, 6(4), 14-27. 

https://doi.org/10.63282/3117-5481/AIJCST-V6I4P102 

[44] Sundar, D. (2024). Enterprise Data Mesh Architectures 

for Scalable and Distributed Analytics. American 

International Journal of Computer Science and 

Technology, 6(3), 24-35. https://doi.org/10.63282/3117-

5481/AIJCST-V6I3P103 

[45] Nangi, P. R., Reddy Nala Obannagari, C. K., & Settipi, 

S. (2024). Serverless Computing Optimization Strategies 

Using ML-Based Auto-Scaling and Event-Stream 

Intelligence for Low-Latency Enterprise Workloads. 

International Journal of Emerging Trends in Computer 

Science and Information Technology, 5(3), 131-142. 

https://doi.org/10.63282/3050-9246.IJETCSIT-

V5I3P113 

[46] Jayaram, Y. (2024). AI-Driven Personalization 2.0: 

Hyper-Personalized Journeys for Every Student Type. 

International Journal of Artificial Intelligence, Data 

Science, and Machine Learning, 5(1), 149-159. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V5I1P114 

[47] Reddy Nangi, P., & Reddy Nala Obannagari, C. K. 

(2023). Scalable End-to-End Encryption Management 

Using Quantum-Resistant Cryptographic Protocols for 

Cloud-Native Microservices Ecosystems. International 

Journal of Emerging Trends in Computer Science and 

Information Technology, 4(1), 142-153. 

https://doi.org/10.63282/3050-9246.IJETCSIT-

V4I1P116 

[48] Jayaram, Y. (2023). Data Governance and Content 

Lifecycle Automation in the Cloud for Secure, 

Compliance-Oriented Data Operations. International 

Journal of AI, BigData, Computational and Management 

Studies, 4(3), 124-133. https://doi.org/10.63282/3050-

9416.IJAIBDCMS-V4I3P113 

[49] Nangi, P. R., Obannagari, C. K. R. N., & Settipi, S. 

(2022). Self-Auditing Deep Learning Pipelines for 

Automated Compliance Validation with Explainability, 

Traceability, and Regulatory Assurance. International 

Journal of Artificial Intelligence, Data Science, and 

Machine Learning, 3(1), 133-142. 

https://doi.org/10.63282/3050-9262.IJAIDSML-

V3I1P114 

 

https://doi.org/10.63282/3050-9416.IJAIBDCMS-V3I2P111
https://doi.org/10.63282/3050-9416.IJAIBDCMS-V3I2P111
https://doi.org/10.63282/3050-9246.IJETCSIT-V3I4P110
https://doi.org/10.63282/3050-9246.IJETCSIT-V3I4P110
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I2P118
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I2P118
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I2P115
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I2P115
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I3P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V3I3P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I3P114
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I3P114
https://doi.org/10.63282/3050-922X.IJERET-V4I4P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I1P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V4I1P113
https://doi.org/10.63282/3050-922X.IJERET-V3I4P111
https://doi.org/10.63282/3117-5481/AIJCST-V6I4P102
https://doi.org/10.63282/3117-5481/AIJCST-V6I3P103
https://doi.org/10.63282/3117-5481/AIJCST-V6I3P103
https://doi.org/10.63282/3050-9246.IJETCSIT-V5I3P113
https://doi.org/10.63282/3050-9246.IJETCSIT-V5I3P113
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I1P114
https://doi.org/10.63282/3050-9262.IJAIDSML-V5I1P114
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I1P116
https://doi.org/10.63282/3050-9246.IJETCSIT-V4I1P116
https://doi.org/10.63282/3050-9416.IJAIBDCMS-V4I3P113
https://doi.org/10.63282/3050-9416.IJAIBDCMS-V4I3P113

